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When a major Al assistant updates — a new model version, a refreshed knowledge base, a
changed retrieval system — who it recommends can shift overnight, sometimes dramatically.
You can go from being named to being invisible, or the reverse, without changing anything on
your end. This is nhormal, it's not personal, and the worst mistake is to chase every swing. The
businesses that stay visible across updates are the ones whose presence rests on broad,
consistent, well-corroborated information rather than on one model's quirk at one moment in
time.

I'll say up front that this is my read as a practitioner watching outputs, not a window into any lab's
release process. | can't tell you exactly what changed inside a model on a given day. But | can tell you
what | see on the outside: visibility that looked stable for weeks can move the day an update ships, and
understanding why keeps you from panicking at the wrong moment or celebrating a fluke.

What actually changes when a model "updates"”

"The model updated"” is a loose phrase covering several different events, and they don't affect you the
same way. It helps to separate them.

¢ A new model version. The underlying model is retrained or replaced — new weights, often new
training data with a later cutoff. This is the big one. What the model "knows" and how it reasons
about recommendations can both shift, and the effects are broad and hard to predict.

¢ A knowledge or index refresh. For assistants that retrieve live information, the searchable index
behind them gets updated. The model is the same, but what it can find changed — new sources are
now reachable, stale ones dropped.

¢ Aretrieval or ranking change. The system that decides which sources to pull and trust for a given
guestion gets tuned. Same model, same index, but a different set of sources surfaces for the same
prompt.



e A system-prompt or policy change. The instructions wrapped around the model — how cautious
to be, how to handle recommendations, when to hedge — get adjusted. This can change the shape
of answers (more hedging, fewer named businesses) without any change to what the model knows
about you.

These produce different symptoms. A new version tends to move things broadly and unpredictably. An
index refresh often rewards whoever added fresh, retrievable signal recently. A retrieval change
reshuffles which sources get cited. A policy change can make a whole category of answer more
cautious at once. Knowing which kind of event you're likely looking at tells you whether to act and how.

Why your visibility swings

The honest reason your visibility can move on an update is that your position was never a fixed
property of you — it was a property of the relationship between you and a particular system at a
particular time. Change the system and the relationship changes, even if you didn't.

If you were marginally included before — named sometimes, on the edge of the answer — an update
is most likely to flip you, in either direction, because you were near the threshold to begin with. If you
were deeply, consistently established across many sources, an update is less likely to erase you,
because your presence didn't hinge on one model's particular read. This is the single most useful thing
to internalize: how much an update moves you is itself a measurement of how solid your visibility was.
Violent swings mean you were fragile. Stability through an update means you'd built something real.

It's worth sitting with how different this is from the search world people came from. A Google ranking,
once earned, tended to decay gradually — you could watch it slip and respond. An Al model's read of
you can change in a single step, because the thing underneath you was replaced rather than nudged.
There's rarely a warning and rarely a gentle slope; the answer on Tuesday simply isn't the answer on
Wednesday. That discontinuity is unsettling the first time you live through it, and it's exactly why a
diversified, broad presence matters more here than it ever did in SEO. You're not protecting against
erosion. You're protecting against a sudden swap.

Telling a model update apart from ordinary noise

Before you react to a drop, make sure it's actually a model change and not the run-to-run variance that
exists all the time. Al answers aren't deterministic — ask the same question twice and you can get
different businesses named. That variance can look like a sudden loss if you only checked once. A few
checks keep you honest:

First, re-run several times. If you're named in three of five runs today versus four of five last week,
that's noise, not an update. If you're named zero of five when you used to be consistent, that's a real



shift worth investigating.

Second, check whether others moved too. If an update hit, you won't be the only one who changed
— competitors and the overall shape of the answer will have shifted as well. If everyone else looks the
same and only you dropped, the cause is more likely something specific to you (a lost source, a
changed page) than a model-wide event.

Third, look for a known release. Major updates are usually announced or widely noticed. If your shift
lines up with a publicized model release, that's strong evidence for a model-level cause rather than
something you did.

Fourth, watch the shape, not just the presence. If answers across your whole category suddenly got
more hedged or started naming fewer businesses, that smells like a policy or system change affecting
everyone — not a verdict on you specifically.

What survives an update and what doesn't

Across these events, a pattern holds about what carries through. What tends to survive is breadth and
corroboration: being described consistently across many independent, credible sources, so that no
single model read or index state is load-bearing. If a dozen reputable places establish who you are and
what you're known for, a new version retrained on a later slice of the web is likely to pick that up too,
because the signal is everywhere, not in one spot.

What tends not to survive is anything narrow or fragile: visibility that rested on a single source the
update happened to drop, on being barely over the inclusion threshold, or on a quirk of one retrieval
system that got retuned. If your presence hinged on one thing, an update that touches that one thing
takes you with it.

There's a freshness dimension too. Index refreshes and new versions both tend to reward recency —
they fold in what's newer. So part of surviving updates is simply continuing to add accurate, current
signal, so that whatever snapshot of the web the next update captures, it captures a present and
accurate version of you rather than a stale one.

What to do when an update moves you

If you lose ground after a confirmed update, resist the urge to tear everything down. Work the
sequence instead. Confirm it's real with multiple runs over a few days, not a single bad check.
Characterize what changed — are you gone entirely, named less often, or described differently? Each
points somewhere different. Check whether a specific source you relied on dropped out of the picture,
because a single lost citation is a common and fixable cause. Then keep doing the durable work —



broad, accurate, corroborated, recent signal — rather than trying to reverse-engineer the new model's
preferences, which will only change again on the next update.

If you gain ground after an update, enjoy it, but don't assume it's permanent or that you've cracked a
code. A gain you can't explain is as fragile as a loss you can't explain. The response is the same either
way: build the kind of broad presence that makes the next update a non-event rather than a lottery.

The mindset that actually helps

The deepest shift is to stop treating Al visibility as a ranking you hold and start treating it as a position
you maintain in a system that keeps changing underneath you. Search ranks were comparatively
stable; you could hold a spot for months. Al recommendations sit on top of models that get retrained
and retuned on their own schedule, so some volatility is permanent and structural, not a problem to be
solved once.

That sounds discouraging, but it's actually freeing. It means the goal isn't to win a specific model's
current favor — that's a moving target you can't pin down. The goal is to become so consistently and
credibly established across the open web that you're the obvious answer regardless of which model,
which version, or which index state is doing the answering. You can't control the updates. You can
control whether your visibility is broad enough to survive them. Build for that, and update day stops
being something you dread and becomes something you barely notice.

Key takeaways

+ When a model updates, who it recommends can change overnight with nothing changed on your end
— it's normal and structural, not personal, and chasing every swing is the main mistake.

+ 'The model updated' covers several different events — a new version, an index refresh, a
retrieval/ranking change, or a system-prompt/policy change — and each produces a different symptom
and calls for a different response.

+ How much an update moves you is a measurement of how solid your visibility was: violent swings
mean you were fragile and near the threshold; stability means you'd built something real.

+ Before reacting, rule out ordinary noise — re-run several times, check whether competitors moved too,
look for a known release, and watch whether answer shape changed category-wide.

4+ Breadth and corroboration survive updates; anything narrow — one load-bearing source, a barely-over-
threshold presence, a quirk of one retrieval system — does not. Recency helps, since refreshes and
new versions fold in what's newer.



4+ Stop treating Al visibility as a fixed rank you hold and treat it as a position you maintain in a system that
keeps changing — build broad, credible, current presence so the next update is a non-event, not a
lottery.

Frequently asked questions

How do | know if a drop in my Al visibility is from a model update or something I did?

Run three checks. Re-run your prompts several times over a few days — a single bad check is usually just run-
to-run noise, not a real change. See whether competitors and the overall answer shape also moved; a true
update moves more than just you, while a drop only you experienced points to something specific to you, like a
lost source or a changed page. And check whether your shift lines up with a publicized model release. If it's
broad, lines up with a known release, and persists across runs, it's a model update; if it's isolated to you, look at
your own recent changes first.

Can | optimize for a specific model version to protect my visibility?

You can, but | wouldn't build a strategy on it. Reverse-engineering the current version's preferences is a moving
target — the next update changes the rules, and whatever you tuned for can evaporate. The durable play is the
opposite: make your presence so broad and well-corroborated across independent sources that you don't
depend on any one model's particular read. That's what carries from version to version, because a new model
retrained on a later slice of the web still finds the same consistent signal everywhere it looks.

My visibility jumped up after an update — should | change what I'm doing?

Be a little skeptical of a gain you can't explain; it's as fragile as an unexplained loss and can reverse on the next
update. Don't assume you've cracked a code or start optimizing harder for whatever you think caused it. The
right response to both a gain and a loss is the same: keep building broad, accurate, corroborated, recent signal
so your visibility stops hinging on any single model state. Treat the jump as a reason to solidify, not as proof of a
formula.

About the author. Scott Tischler is the Founder & Chairman of Alrecommend.ai and a practitioner-authority on Al
search and Answer Engine Optimization. With 20+ years in marketing technology — including American Express,

MetLife, and UBS — and executive and professional study at Wharton, Harvard, and Oxford, he helps businesses
become the ones Al recommends.

© 2026 Scott Tischler - scotttischler.com scott@airecommend.ai - Alrecommend.ai



